
43 

Research of Accounting and Governance 

p-ISSN/e-ISSN: 2985-8143/2985-8151  

Homepage: https://sanscientific.com/journal/index.php/rag 

4(1) 43-52 (2026)  

      https://doi.org/10.58777/rag.v4i1.580 

 

 
Research Article  

Applied Value at Risk in the South East Asia Stock 
Market, Does it Work?  
 
Riko Hendrawan 
Faculty of Economics and Business, YARSI University, Jakarta 
 
Received: 22-01-2026; Accepted: 30-01-2026 

 
Abstract  
This study uses historical data to calculate VaR, a widely accepted approach due to its simplicity 

and empirical basis (Olson & Wu, 2017), in the Southeast Asian stock market. The results show 

that the index with the highest VaR value at the 1% confidence level is the Hanoi Stock Exchange 

Index from Vietnam. High VaR values in these indices reflect the potential for significant losses in 

a worst-case scenario. The study also shows that the VaR value increases with the confidence level. 

This means that, at a higher confidence level, for example, 1%, the VaR value will be greater than 

at 5% or 10%. A higher confidence level reflects a desire to account for more extreme and rare 

scenarios. By considering the study period, which includes financial crises such as the 2008 crisis 

and the COVID-19 pandemic, this study provides relevant insights for investors on the dynamics 

of risk and return in Southeast Asian stock markets. This study emphasizes the importance of using 

VaR as a risk management tool to help investors make more informed, prudent investment 

decisions. 
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1. Introduction   
Value at Risk (VaR) has become a crucial measure in financial risk management, particularly in 
volatile global markets (Chapman et al., 2022). Because it estimates potential losses in an 
investment portfolio under normal market conditions, VaR serves as the basis for regulatory 
frameworks and internal risk assessments (Dimitrova et al., 2021). In an increasingly complex and 
uncertain financial world, VaR is an essential tool for identifying risks and managing potential 
losses. Comparative analysis of VaR across various indices not only helps identify which markets 
have lower risk but also provides in-depth insights into the risk-reward trade-off in investments 
(Almeida et al., 2024). This is crucial for investors, portfolio managers, and policymakers to 
optimize their investment strategies by balancing risk exposure with potential returns (Olson & 
Wu, 2017). 
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This study makes a significant contribution to the broader discussion of investment strategies and 
risk management by emphasizing the practical application of VaR across different economic 
conditions. This paper focuses on the application of VaR to 6 stock indices in Southeast Asian 
countries over a relatively long period, from 2005 to 2024. Financial markets in Southeast Asia 
have demonstrated remarkable resilience and growth (Anwar & Iwasaki, 2023; Mohapatra & 
Mishra, 2020; Mosolova, 2021; Rahman & Vu, 2020) but remain vulnerable to global economic 
fluctuations (Basri & Hill, 2020; Tsiaplias & Wang, 2020). Asia and Australia have demonstrated 
remarkable resilience and growth, but remain vulnerable to global economic fluctuations. For 
example, China's economic policies and growth patterns have significantly impacted the 
economies of neighboring countries and global trade (Chuai et al., 2021). Similarly, Australia's 
resource-based economy is heavily influenced by global commodity prices (Aftab et al., 2021; 
Nikonenko et al., 2022). By examining the VaR of stock indices in this context, this study highlights 
financial movements across Asia and Australia and provides VaR calculations for consideration in 
investment decision-making. 

 
The importance of VaR analysis in modern finance cannot be overstated. The study period, 2005–
2024, encompasses several significant economic events and transitions. The 2008 global financial 
crisis and the economic disruption caused by the COVID-19 pandemic have highlighted the need 
for robust risk management tools (Chang et al., 2020; Cheema et al., 2022; Felipe & Estrada, 2020). 
VaR provides a quantifiable measure of risk exposure, enabling financial institutions and investors 
to prepare for potential adverse market movements (Trucíos et al., 2020). Each event influences 
market behavior differently, making longitudinal studies such as this one more apt for 
understanding the evolving risk profile of the analyzed stock index. By analyzing data over a long 
period, this study can identify patterns that may not be apparent in short-term analysis. 
 
This study uses the historical data method to calculate VaR, a widely accepted approach due to its 
simplicity and empirical basis (Olson & Wu, 2017). Historical VaR is based on the historical 
performance of an asset or portfolio, making it a straightforward method that does not rely on 

normal distribution assumptions or other model-specific parameters. This method's reliance on 
real-world data makes it well-suited to capturing market realities and providing more practical and 
accurate risk estimates. By using historical data, this study can provide a more realistic picture of 
potential losses and risk exposure. This paper emphasizes the empirical reliability of the historical 
data method, particularly in Southeast Asia's diverse and often volatile markets. In volatile market 
environments, the use of historical data can help capture and understand unexpected market 
movements. 
 

2. Literature Review   
Value-at-Risk (VaR) measurement has become a crucial tool in financial risk management since its 
formal introduction in the early 1990s by J.P. Morgan through its publication, "RiskMetrics" 
(Malhotra, 2021; Sargen, 2020). VaR estimates the maximum possible loss in an investment 
portfolio over a given period with a certain level of confidence. The application of VaR was further 
emphasized after the 1987 stock market crisis, which demonstrated the need for a more formal and 

precise risk measurement tool (Adamko et al., 2015; Duffie & Pan, 1997; Stambaugh, 1996). The 
history of VaR shows that this tool began to be widely adopted by financial authorities in the mid-
1990s. VaR helps financial institutions identify and manage market risk more effectively (Adamko 
et al., 2015; O'Sullivan et al., 2019). 
 
In the context of the stock market, VaR is used to measure the risk associated with various stock 
indices. Stock indices are an important tool for measuring the performance of a group of stocks 
representing a specific sector or the entire market. Stock indices help investors diversify their 
portfolios and manage investment risk. According to Sharpe's theory, a well-designed stock index 
reflects broader economic conditions and provides insight into how different sectors behave under 
different market conditions (Sutcliffe, 2018). 
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Return and risk are two key elements in investing. Return refers to the profit earned from an 
investment, which can be in the form of dividends, capital gains, or a combination of both. Risk, 
on the other hand, refers to the uncertainty associated with investment returns. In modern portfolio 
theory, developed by Markowitz, risk is measured by the standard deviation of returns, which 
indicates how much an investment's return can vary from the average. Portfolio diversification can 
reduce risk without sacrificing returns, thereby serving as the basis for risk management in 
investment portfolios (Adnyana, 2020; Reilly & Brown, 2019). 
 
Global financial and economic conditions play a significant role in determining stock market 
performance and associated risks. Financial crises, such as the 2007-2008 crisis, can cause 
significant market volatility and increase investment risk (Felipe & Estrada, 2020). Research by 
Bouras et al. (2019) and Spulbar et al. (2020) indicates that stock markets in developing countries 
tend to be volatile. This is relevant to this study because the indices analyzed are from developing 
Asian countries, which exhibit higher volatility and greater risk than those in more stable markets 

in developed countries. 
 
The use of VaR in stock portfolio risk management provides an estimate of the maximum possible 
loss in an investment portfolio over a given period with a certain level of confidence (Dimitrova et 
al., 2021). VaR helps investors understand the risks associated with their investments and make 
better investment decisions. Furthermore, this study highlights the importance of accounting for 
global financial conditions and stock market volatility in risk analysis and investment decision-
making in developing countries. 

 

3. Data and Method  
Methodology 
This study uses historical data (closing prices) to calculate Value at Risk (VaR) for 6 stock indices 
from various Southeast Asian countries. The data covers the period from January 2005 to March 
2024, with daily data frequency. This time period was chosen to encompass a range of market 
conditions and significant economic events that can affect stock market volatility, including the 
2008 global financial crisis and the COVID-19 pandemic. The primary focus of this study is the 
calculation and comparison of VaR across various stock indices, as well as the identification of the 
indices with the lowest and highest risk. 
 
The first step in calculating VaR is calculating daily returns from the index's closing price data. 

 

𝑅𝑖 =
(𝑃𝑡−𝑃𝑡−1)

𝑃𝑡−1
  (1) 

 
Moreover, calculate the daily standard deviation of the daily return values. This standard deviation 
reflects the volatility of the daily returns of the analyzed stock index. The daily data frequency was 
chosen to achieve high accuracy, enabling a more in-depth analysis of market volatility. 
 

 

σ𝑖 = √∑ (𝑅𝑖𝑗 − 𝐸(𝑅𝑖))
𝑛

𝑗=1

2

  (2) 

 
Next, the VaR calculation is carried out using the formula: 

 
𝑉𝑎𝑅 = 𝑉0 × 𝜎 × 𝑍 × √𝑡   (3) 

 
 



Hendrawan       RAG 

  4(1) 2026 43-51 

46 

 
In the study, three levels of confidence were used: 90%, 95%, and 99%. 
 

Table 1. Analysis uses Microsoft Excel 

Confident  Level Z-score 

99% 2,33 

95% 1,65 

90% 1,28 

 
For analysis, this study uses Microsoft Excel. Excel was chosen for its ease of performing the 
necessary statistical calculations and its ability to handle large datasets. The Excel functions used 
include return calculations, accumulated returns, standard deviation calculations, and a special 
formula to calculate VaR. 
 

Data 
This study uses historical closing price data for stock indices from 15 Asian countries and two 
Australian countries. The data covers the period from January 2005 to March 2024, with daily data 
frequency. The indices analyzed include: 
 
 

Jakarta SE Composite Index (Indonesia)              Hanoi Stock Exchange Index (Vietnam) 

            
 
 

FTSE Bursa Malaysia KLCI Index (Malaysia)       FR Thailand Price Return Index (Thailand) 
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                      PSEi Index (Filipina)                             FTSE ST All-Share Index (Singapura) 

           

 
During the study period, from 2005 to 2024, each stock index analyzed experienced fluctuations. 
Based on price observations at the beginning and end of the study, there were striking differences 
in the performance of stock indices across countries. Several countries experienced significant 
increases, more than doubling, including Indonesia, Vietnam, Thailand, and the Philippines. On 
the other hand, Singapore and Malaysia showed increases, but not nearly as much as the prices at 
the beginning of the study period. 
 
However, not all countries experienced increases. Vietnam actually saw declines in its stock indices 
during this period. These fluctuations reflect how each index reacted to changing global financial 
conditions, including the 2008 financial crisis and the COVID-19 pandemic. Most countries 
recovered their economies quickly after the crisis, as evidenced by significant increases in their 
stock indices.  

 

4. Results  
 

Table 2. Expected Returns and Risk 

No Country Index Expected Return St. Deviation 

1 Indonesia Jakarta SE Composite Index 0,000425 0,014871 

2 Malaysia FTSE Bursa Malaysia KLCI  0,000113 0,009327 

3 Philippine PSEi Index 0,000379 0,013896 

4 Singapore FTSE ST All-Share Index  0,000175 0,011033 

5 Thailand 

FR Thailand Price Return 

Index 0,000302 0,015871 

6 Vietnam Hanoi Stock Exchange Index 0,000355 0,018125 

 
Table 2 above shows the expected returns and risk (measured by standard deviation) of two stock 
indices across Southeast Asian countries. Overall, this Table provides an overview of the expected 

returns and risks associated with each stock index during the study period. Overall, there is 
significant variation in expected returns and risks across different stock indices. 
 
The risk, measured by standard deviation, also varies across stock indices. The index with the 
highest risk is the Hanoi Stock Exchange in Vietnam, with a standard deviation of 0.018125. In 
contrast, the index with the lowest risk is the FTSE Bursa Malaysia KLCI in Malaysia, with a 
standard deviation of 0.009327. A high standard deviation indicates greater volatility and, 
therefore, higher risk. 
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Table 3. Value-at-Risk (VaR) 

No Country Index 
VaR 

1% 5% 10% 

1 Indonesia Jakarta SE Composite Index -0,03417 -0,02404 -0,01863 

2 Malaysia FTSE Bursa Malaysia KLCI  -0,02158 -0,01523 -0,01184 

3 Philippine PSEi Index -0,03195 -0,02248 -0,01743 

4 Singapore FTSE ST All-Share Index  -0,02549 -0,01797 -0,01396 

5 Thailand 

FR Thailand Price Return 

Index -0,03662 -0,0258 -0,02004 

6 Vietnam Hanoi Stock Exchange Index -0,04181 -0,02946 -0,02287 

 
Table 3 above shows the Value-at-Risk (VaR) values for six Asian and Australian stock indices at 
the 1%, 5%, and 10% confidence levels. VaR is a risk measure that indicates the maximum possible 
loss for an investment portfolio over a given period with a given confidence level. A lower VaR 

value indicates a greater potential loss. 
 
In general, Table 3 shows that indices with higher VaR values at the 1% confidence level also tend 
to have higher VaR values at the 5% and 10% confidence levels. The index exhibiting the highest 
risk at the 1% confidence level is the Hanoi Stock Exchange Index from Vietnam, with a value of 
-0.04181. This means that, in the worst-case scenario, these indices could experience significant 
losses in a short period. 
 
Based on the two tables above, a correlation between expected return, risk (standard deviation), 
and VaR is apparent. This is also reflected in the high VaR value, indicating that this index has the 
potential for high returns but also a significant risk of loss. Meanwhile, an index like Malaysia's 
FTSE Bursa Malaysia KLCI has a relatively low VaR across all confidence levels (-0.02158 at 1%), 
which aligns with its low expected return of 0.000113 and its lowest standard deviation of 0.009327. 
This indicates that this index is relatively more stable and carries lower risk compared to other 
indices. 
 
This VaR Table also shows that VaR increases with the confidence level. This is evident in all stock 
indices analyzed, where the VaR value at the 1% confidence level is consistently higher than at the 
5% and 10% confidence levels. This suggests that the hypothesis "the higher the confidence level, 
the higher the VaR value" is confirmed in this research Table. 
 
VaR is calculated based on the quantiles of the portfolio's return distribution. A higher level of 
confidence (e.g., 1%) will display a lower quantile of the return distribution, reflecting more 
extreme losses compared to a lower confidence level (e.g., 5% or 10%). A higher confidence level 
reflects a desire to account for more extreme and rare scenarios. Therefore, VaR at a higher 
confidence level will indicate greater losses because we anticipate more unusual and adverse events. 
This is also because, in risk analysis, we want to ensure we are adequately protected against highly 
adverse events, even if their probability of occurrence is minimal. 

 

5. Discussion 
Research also shows that at higher confidence levels, VaR values consistently show higher returns. 
(Jo-Yu Wang et al., 2020) stated that a 99% confidence level may be too conservative in reflecting 
risk, while a 95% confidence level better reflects the likelihood of risk. This finding has significant 
practical implications for investors making investment decisions in Southeast Asian stock markets. 
This study also shows that global financial crises, such as the 2008 crisis and the COVID-19 
pandemic, have impacted the volatility and risk of Southeast Asian stock markets, as has been 
demonstrated by several other researchers (Bhardwaj et al., 2022; Glick & Hutchison, 2013; 
Goodell, 2020; Habkhonglek & Maneejuk, 2022; Huynh et al., 2021; Rahman & Vu, 2020). The 
use of historical data in this study supports an accurate predictive approach in both normal and 
crises, in line with previous research findings that suggest historical data can provide precise 
predictions for determining VaR (Astuti & Gunarsih, 2021; Irsan et al., 2022). 
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6. Conclusions 
Value at Risk (VaR) is an important tool for measuring risk in stock markets, including six stock 
indices from various Southeast Asian countries. The study found that the index with the highest 
VaR value at the 1% confidence level was the Hanoi Stock Exchange Index from Vietnam. High 
VaR values in these indices reflect the potential for significant losses in a worst-case scenario. 
 
Furthermore, this VaR analysis revealed a clear correlation between expected return, risk (as 
measured by standard deviation), and VaR. Indices with high expected returns and standard 
deviations tend to have high VaR values, indicating that despite the potential for high returns, the 
risk of loss is also significant. Conversely, indices with low risk and expected returns, such as the 
FTSE Bursa Malaysia KLCI, exhibit lower VaR values, reflecting greater stability. 
 
This study also shows that VaR increases with the confidence level. This means that, at a higher 

confidence level, for example, 1%, the VaR value will be greater than at 5% or 10%. A higher 
confidence level reflects a desire to account for more extreme and rare scenarios. By considering 
the study period, which includes financial crises such as the 2008 financial crisis and the COVID-
19 pandemic, this study provides relevant insights for investors on the dynamics of risk and return 
in Southeast Asian stock markets. This research emphasizes the importance of using VaR as a risk 
management tool to help investors make more informed, prudent investment decisions. 
 

References 

Adamko, P., Spuchľáková, E., & Valášková, K. (2015). The History and Ideas Behind VaR. Procedia 

Economics and Finance, 24, 18–24. https://doi.org/10.1016/S2212-5671(15)00607-3 

Adnyana, I. M. (2020). Manajemen Investasi Dan Portofolio. Lembaga Penerbitan Universitas Nasiona. 

Aftab, N., Jazlan, A., Sreeram, V., Lees, M., & Lees, M. (2021). Industry 4.0: An Introduction to the Future 

of Manufacturing in Australia. 2021 Australian & New Zealand Control Conference (ANZCC), 149–154. 

https://doi.org/10.1109/ANZCC53563.2021.9628231 

Almeida, J., Soares, J., Lezama, F., Vale, Z., & Francois, B. (2024). Comparison of evolutionary algorithms 

for solving risk-based energy resource management considering conditional value-at-risk analysis. 

Mathematics and Computers in Simulation, 224, 87–110.  

https://doi.org/10.1016/j.matcom.2023.07.010 

Anwar, A., & Iwasaki, I. (2023). The Finance–Growth Nexus in Asia: A Meta-Analytic Approach. Asian 

Development Review, 40(01), 13–48. https://doi.org/10.1142/S0116110523500063 

Astuti, P. E., & Gunarsih, T. (2021). Value-At-Risk Analysis in Risk Measurement and Formation of 

Optimal Portfolio In Banking Share. JBTI : Jurnal Bisnis : Teori Dan Implementasi, 12(2), 103–114. 

https://doi.org/10.18196/jbti.v12i2.12263 

Basri, M. C., & Hill, H. (2020). The Southeast Asian Economies in the Age of Discontent. Asian Economic 

Policy Review, 15(2), 185–209. https://doi.org/10.1111/aepr.12305 

Bhardwaj, N., Sharma, N., & Mavi, A. K. (2022). Impact of Covid-19 On Long Run and Short Run Financial 

Integration Among Emerging Asian Stock Markets. Business, Management and Economics Engineering, 

20(02), 189–206. https://doi.org/10.3846/bmee.2022.16344 

Bouras, C., Christou, C., Gupta, R., & Suleman, T. (2019). Geopolitical Risks, Returns, and Volatility in 

Emerging Stock Markets: Evidence from a Panel GARCH Model. Emerging Markets Finance and Trade, 

55(8), 1841–1856. https://doi.org/10.1080/1540496X.2018.1507906 

Chang, C.-L., McAleer, M., & Wang, Y.-A. (2020). Herding behaviour in energy stock markets during the 

Global Financial Crisis, SARS, and ongoing COVID-19*. Renewable and Sustainable Energy Reviews, 

134, 110349. https://doi.org/10.1016/j.rser.2020.110349 

Chapman, M. P., Bonalli, R., Smith, K. M., Yang, I., Pavone, M., & Tomlin, C. J. (2022). Risk-Sensitive 

Safety Analysis Using Conditional Value-at-Risk. IEEE Transactions on Automatic Control, 67(12), 

6521–6536. https://doi.org/10.1109/TAC.2021.3131149 

 

https://doi.org/10.1016/S2212-5671(15)00607-3
https://doi.org/10.1109/ANZCC53563.2021.9628231
https://doi.org/10.1016/j.matcom.2023.07.010
https://doi.org/10.1142/S0116110523500063
https://doi.org/10.18196/jbti.v12i2.12263
https://doi.org/10.1111/aepr.12305
https://doi.org/10.3846/bmee.2022.16344
https://doi.org/10.1080/1540496X.2018.1507906
https://doi.org/10.1016/j.rser.2020.110349
https://doi.org/10.1109/TAC.2021.3131149


Hendrawan       RAG 

  4(1) 2026 43-51 

50 

Cheema, M. A., Faff, R., & Szulczyk, K. R. (2022). The 2008 global financial crisis and COVID-19 

pandemic: How safe are safe-haven assets? International Review of Financial Analysis, 83, 102316. 

https://doi.org/10.1016/j.irfa.2022.102316 

Chuai, X., Lu, Q., Huang, X., Gao, R., & Zhao, R. (2021). China's construction industry-linked economy: 

resources-environment flows in international trade. Journal of Cleaner Production, 278, 123990. 

https://doi.org/10.1016/j.jclepro.2020.123990 

Dimitrova, M., Treapăt, L. M., & Tulyakova, I. (2021). Value at Risk as a Tool for Economic-Managerial 

Decision-Making in the Process of Trading in the Financial Market. Ekonomicko-Manazerske Spektrum, 

15(2), 13–26. https://doi.org/10.26552/ems.2021.2.13-26 

Duffie, D., & Pan, J. (1997). An Overview of Value at Risk. The Journal of Derivatives, 4(3), 7–49. 

https://doi.org/10.3905/jod.1997.407971 

Felipe, J., & Estrada, G. (2020). What happened to the world’s potential growth after the 2008–2009 global 

financial crisis? Journal of the Japanese and International Economies, 56, 101072. 

https://doi.org/10.1016/j.jjie.2020.101072 

Glick, R., & Hutchison, M. (2013). China’s financial linkages with Asia and the global financial crisis. Journal 

of International Money and Finance, 39, 186–206. https://doi.org/10.1016/j.jimonfin.2013.06.025 

Goodell, J. W. (2020). COVID-19 and finance: Agendas for future research. Finance Research Letters, 35, 

101512. https://doi.org/10.1016/j.frl.2020.101512 

Habkhonglek, N., & Maneejuk, P. (2022). Value at Risk Analysis and Investment Portfolio Optimization of Asian 

Stocks (pp. 613–626). https://doi.org/10.1007/978-3-030-97273-8_40 

Huynh, N., Nguyen, D., & Dao, A. (2021). Sectoral Performance and the Government Interventions during 

the COVID-19 Pandemic: Australian Evidence. Journal of Risk and Financial Management, 14(4), 178. 

https://doi.org/10.3390/jrfm14040178 

Irsan, M. Y. T., Priscilla, E., & Siswanto, S. (2022). Comparison of Variance, Covariance, and Historical 

Simulation Methods to Calculate Value at Risk on Banking Stock Portfolio. Jurnal Matematika, 

Statistika Dan Komputasi, 19(1), 241–250. https://doi.org/10.20956/j.v19i1.21436 

Jo-Yu Wang, M., Tran, C.-D., & Wu, W.-L. (2020). Value at Risk based on Skewed Distributions: Evidence 

from Asian Equity Value at Risk based on Skewed Distributions: Evidence from Asian Equity 

Markets. International Review of Accounting, Banking and Finance, 12(2), 1–20. 

Malhotra, Y. (2021). CreditMetrics Methodology and Credit Value at Risk (Credit VaR). SSRN Electronic 

Journal. https://doi.org/10.2139/ssrn.3783490 

Mensi, W., Shahzad, S. J. H., Hammoudeh, S., Zeitun, R., & Rehman, M. U. (2017). Diversification 

potential of Asian frontier, BRIC emerging, and major developed stock markets: A wavelet-based 

value-at-risk approach. Emerging Markets Review, 32, 130–147. 

https://doi.org/10.1016/j.ememar.2017.06.002 

Mohapatra, S., & Mishra, A. K. (2020). The Evolving Financial Landscape in Emerging Markets and Developing 

Economies (pp. 1–14). https://doi.org/10.1007/978-3-030-60008-2_1 

Mosolova, O. (2021). The Main Characteristics of Australian Economic Policy in the Modern Period. South 

East Asia Actual Problems of Development, 4 (53), 190–200. https://doi.org/10.31696/2072-8271-2021-4-

4-53-190-200 

Nikonenko, U., Shtets, T., Kalinin, A., Dorosh, I., & Sokolik, L. (2022). Assessing the Policy of Attracting 

Investments in the Main Sectors of the Economy in the Context of Introducing Aspects of Industry 

4.0. International Journal of Sustainable Development and Planning, 17(2), 497–505. 

https://doi.org/10.18280/ijsdp.170214 

Olson, D. L., & Wu, D. D. (2017). Value at Risk Models (pp. 75–87). https://doi.org/10.1007/978-3-662-

53785-5_6 

O’Sullivan, N., Nitzsche, D., & Cuthbertson, K. (2019). Value at Risk. In Derivatives (pp. 749–768). Wiley. 

https://doi.org/10.1002/9781119595663.ch44 

Park, S. K., & Cho, J. H. (2022). Does the Pandemic Declaration Influence the Firm Value of the Untact 

Firms? The Institute of Management and Economy Research, 13(1), 247–262. 

https://doi.org/10.32599/apjb.13.1.202203.247 

https://doi.org/10.1016/j.irfa.2022.102316
https://doi.org/10.1016/j.jclepro.2020.123990
https://doi.org/10.26552/ems.2021.2.13-26
https://doi.org/10.3905/jod.1997.407971
https://doi.org/10.1016/j.jjie.2020.101072
https://doi.org/10.1016/j.jimonfin.2013.06.025
https://doi.org/10.1016/j.frl.2020.101512
https://doi.org/10.1007/978-3-030-97273-8_40
https://doi.org/10.3390/jrfm14040178
https://doi.org/10.20956/j.v19i1.21436
https://doi.org/10.2139/ssrn.3783490
https://doi.org/10.1016/j.ememar.2017.06.002
https://doi.org/10.1007/978-3-030-60008-2_1
https://doi.org/10.31696/2072-8271-2021-4-4-53-190-200
https://doi.org/10.31696/2072-8271-2021-4-4-53-190-200
https://doi.org/10.18280/ijsdp.170214
https://doi.org/10.1007/978-3-662-53785-5_6
https://doi.org/10.1007/978-3-662-53785-5_6
https://doi.org/10.1002/9781119595663.ch44
https://doi.org/10.32599/apjb.13.1.202203.247


Hendrawan       RAG 

  4(1) 2026 43-51 

51 

Rahman, M. M., & Vu, X.-B. (2020). The nexus between renewable energy, economic growth, trade, 

urbanisation and environmental quality: A comparative study for Australia and Canada. Renewable 

Energy, 155, 617–627. https://doi.org/10.1016/j.renene.2020.03.135 

Reilly, F., & Brown, K. (2019). Investment Analysis Portfolio Management (Vol. 11th). 

Sargen, N. P. (2020). Risk Management and Derivatives. In JPMorgan’s Fall and Revival (pp. 137–149). 

Springer International Publishing. https://doi.org/10.1007/978-3-030-47058-6_14 

Spulbar, C., Trivedi, J., & Birau, R. (2020). Investigating Abnormal Volatility Transmission Patterns 

Between Emerging and Developed Stock Markets: A Case Study. Journal of Business Economics and 

Management, 21(6), 1561–1592. https://doi.org/10.3846/jbem.2020.13507 

Stambaugh, F. (1996). Risk and value at risk. European Management Journal, 14(6), 612–621. 

https://doi.org/10.1016/S0263-2373(96)00057-6 

Su, E., & Knowles, T. W. (2006). Asian Pacific Stock Market Volatility Modeling and Value at Risk 

Analysis. Emerging Markets Finance and Trade, 42(2), 18–62. https://doi.org/10.2753/REE1540-

496X420202 

Sutcliffe, C. M. S. (2018). Stock Index Futures. Routledge. https://doi.org/10.4324/9781351148566 

Trucíos, C., Tiwari, A. K., & Alqahtani, F. (2020). Value-at-risk and expected shortfall for a cryptocurrency 

portfolio: a vine copula–based approach. Applied Economics, 52(24), 2580–2593. 

https://doi.org/10.1080/00036846.2019.1693023 

Tsiaplias, S., & Wang, J. (2020). The Australian Economy in 2019–20: Slower Growth, Record Low Interest 

Rates and a Changing Housing Landscape. Australian Economic Review, 53(1), 5–21. 

https://doi.org/10.1111/1467-8462.12367 

Yun, J. (2020). Variance risk premium in a small open economy with volatile capital flows: The case of 

Korea. International Review of Economics & Finance, 65, 105–125. 

https://doi.org/10.1016/j.iref.2019.10.003 

 

https://doi.org/10.1016/j.renene.2020.03.135
https://doi.org/10.1007/978-3-030-47058-6_14
https://doi.org/10.3846/jbem.2020.13507
https://doi.org/10.1016/S0263-2373(96)00057-6
https://doi.org/10.2753/REE1540-496X420202
https://doi.org/10.2753/REE1540-496X420202
https://doi.org/10.4324/9781351148566
https://doi.org/10.1080/00036846.2019.1693023
https://doi.org/10.1111/1467-8462.12367
https://doi.org/10.1016/j.iref.2019.10.003

